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SIFT feature matching algorithm with global infor mation
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(1. Changchun Institute of Optics, Fine Mechanics and Physics,
Chinese Academy of Sciences, Changchun 130033, China;
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Abstract : Animproved Scale Invariable Feature Trandormation(SIFT) matching algorithm with glob-
al context vector is presented to solve the problems that SIFT descriptors result in a lot mismatches
when an image has many smilar regions. By detecting feature pointsin scale gpace, two kinds of fear
ture vectors, a SIFT descriptor representing local properties and a global context vector , are compu-
ted. Then, according to BBF searching strategy , the feature vectors are matched by using Euclidean
distance. The experimental resultsindicate that the improved al gorithm can describe feature pointsin
alarger region ,and can reduce mismatch probability of experimental imagesfrom 19 % to 11 % because
global context vectors based on global shape information are induced to the SIFT vectors based local
Information. These results reported above show proposed al gorithm improves matching results great-

ly.
Key words: feature matching;SIFT algorithm; global information; BBF algorithm
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